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Self-disclosure

Influence of rapport and social presence with an Al psychotherapy chatbot on
users' self-disclosure

Jlee Dlee, JlLee
International Journal of Human—Computer Interaction, 2024 - Taylor & Francis

Abstract

Self-disclosure lowers one’s stress and anxiety and benefits their mental health. However,
revealing one’s personal and unprotected information can be risky, and such a risk causes
major practical difficulties in counseling services. People are reluctant to expose
themselves because they are concerned about being negatively evaluated and judged by
others, even professional counselors. Accordingly, this study designs and implements a
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© 2019 Gartner, Inc. and/or its affiliates. All rights reserved.

Gart

Hype Cycle for Artificial Intelligence, 202

Smart Robots
Responsible Al
Neuromorphic Computing
Prompt Engineering

Artificial General Intelligence
Decision Intelligence
Al TRISM
Operational Al Systems
Composite Al
Data-Centric Al
Al Engineering

Al Simulation

Causal Al

Expectations

Neuro-Symbolic Al

Multiagent Systems

First-Principles Al
Automatic Systems

Innovation
Trigger

Generative Al

Foundation
Models Synthetic Data

ModelOps

Computer

Vision_ \/_/———

Cloud Al

Services #~ Data Labeling

Knowledge Graphs and Annotation

Intelligent Applications

Autonomous Vehicles
Al Maker and Teaching Kits

Peak of
Inflated
Expectations

Trough of
Disillusionment

Slope of
Enlightenment

Plateau of
Productivi

Plateau will be reached:

() less than 2 years

gartner.com

Source: Gartner

® 2023 Gartner, Inc. and/or its affiliates. All rights reserved. 2079794

@® 2to5years

Time

@ 5 to10years A more than 10 years () obsolete before plateau

Gart




Gartner Hype Cycle for
Artificial Intelligence, 2019

AutoML
Chatbots

Digital /
Ethics Conversational
Intelligent User Interfaces
Applications 4

g Deep Neural Networks

Quantum (Deep Learning)

Computing

Deep Neural
Network ASICs

Smart Robotics

Graph Analytics

Machine Learing

Al PaaS

Edge Al
NLP

Al De par
Toolkits
Al-Related
C&Sl Services

~ VPA-Enabled sless Sped
~ Explainable Al VPA-Enabled Wireless Spea

—— Robotic Process Automation Software
Data Labeling and
Annatation Services
Knowledge
Al Cloud Graphics
Services
Decision
Intelligence
Neuromorphic
Hardware

FPGA Accelerators

Virtual Assistants

(2}
c
.2
o=
@
o=
0
@
o
><
w

Computer Vision

Augmented ~ Insight Engines
Intelligence
Al Governance
Reinfol n
Le 3

Cognitive Computing

Al Marketplaces

Artificial General

Intelligence Autonomous Vehicles

Speech Recognition

Hype Cycle for Artificial Intelligence, 202

Responsible Al
Neu
Prompt Engineering
Artificial General Intelligence
Decision Intelligence
Al TRISM
Operational Al Systems

Composite Al

Data-Centric Al
Al Engineering

Al Simulation

Causal Al

Expectations

MNeuro-Symbolic Al

Multiagent Systems

Generative Al

Foundation
Models

Synthetic Data

ModelOps

() EdgeAl

Cloud Al
Services

Knowledge Graphs

Computer
Vision.

J

' Data Labeling
and Annotation

Intelligent Applications

First-Principles Al
Automatic Systems

Autonomous Vehicles

Al Maker and Teaching Kits
Peak of

Inflated
Expectations

Innovation
Trigger

Trough of
Disillusionment

Slope of
Enlightenment

Peak of
Inflated
Expectations

Innovation
Trigger

Trough of
Disillusionment

Plateau of
Productivi

Slope of
Enlightenment

Time

Plateau will be reached.

.
_ less than 2 years @® 2toSyears . 5 10 10 years @ more than 10 years I Ime

@ obsolete befor
Plateau will be reached:

gartner.com/SmarterWithGartner () less than 2 years ® 2to5years @ 5to 10 years A more than 10 years () obsolete before plateau As of July

Source: Gartner
© 2019 Gartner, Inc. and/or its affiliates. All rights reserved.

gartner.com

Source: Gartner
@ 2023 Gartner, Inc. and/or its affiliates. All rights ressrved. 2079794

Gart




U pnk

(=)
=

e

—
o

7| 0| I K|
Q1 SHE X Eot= &0{0|C}. 07|

(Responsible Al)=

=
o

_
K|

Hil 22| H

X =
=1 =

S| OF St = H| =L &

(=1
0

|5 7HX7F =

[

XA A
=T, —

4

ENCEISEN-TPU

2l

Of RALF.

7| == E &= differential privacy, FedML, XAl(eXplainable Al)

=
-

P

-
O

L -
o O

 —
o

18



o
0]d
Ral
olr
N
[H>
OHT
Q.t
Q
>
ro

E

» AX| AIEX|S(Edge A)2 SSAMH F2 ST E0 H0|E S S OIX|
21, Oo|E S =3t EZ(UE ZAE, HO|ESO], HUX] M) FX|0f
IEXls 722 HESIH MH|AS H|Sot= 7|=0[Ct 0|27 49
HOlE 2| EfOIHA| &, 2AIA Xe| 24, HIEAHR EdE =X S
= ofl 2ot7| [t 7He 2 £F 0] AKX S X|SO[Ct.

2024 CES S u 3, A%(ntel), AMD 5 22 HHEH| 7| YIS S IOl 1 E2-THIY-PCO| AIE 25(*2CHt0|A
:

* 2L|HIO|A Al (On-device Al) : 22HRE E2 2F MHE HAIX| 311 7|7| LIROIM Al 7|52 =dok=ZEl

o=2 2ol




K| s @MX|L| O™ E (Al Engineering) DataOps, ModelOps 3! DevOps& E 2o}
1 5X|s M| 22| STHRIO| RES /T - 23 - X &Elole ZE AS

S
= OFO|L}. QI5 X5 AX[L[ojd 2 ZES| 72 =7 0| OfL|2} o]O

o OH

ne pH < ro
I
Okl
>

etot= | 7H

H o2 3X|s EH AU 7|=5S H =LA ZX0f HEFAM =E|315t0 2F
otn, 0| & BEL|E st Heghul CtA] shEot AL R =X SH= YHO B =
AMAH 7|55 2= Ao|Ch 2 2= o d&50| OtF 2| S8l = H2l5t= Hi
ZL|A 22X 2o MEStA AtESH= A2 EE CHE MAIO|CL 7HE &= 2026
FHNK] M3 Al A AE S 75 B 22|5H7] /o] A AKX L[ O] - B ALZ XHERSH
71892 2E8El= A REHO F=0M ST 7| G ELCH &[4 25% O| 4 Q| HitE & A
O Z MYUSIALE,



(Composite Al)=

=
o

_
S KX

oIl

s’/l==2

M I e =X

= O o o
= ot fo Mo
HATWM
S ol ou Ol
= 0o %o K
ar o Jo <F
op & ~ OH
qu & xr M
or 00 & O
ml OF o1 I
= & 1 =
KO OF o7 M
+n RO o
U ._o_m_u._”_
— 4 = P
10 & — MO
E_ﬂunmw
R )
|.A|_/ ._._.ﬁ
O.AOI_|_._._
WM“;MI%
WDNO_H_%
= e
= g 4
|_|_A_._._|._A|+o_
O ol o Y
t T T T
ﬂ%%ﬂﬁ
Nz ot &2
._o_u_._mO;
& Ho W M

0%

e

—t

joll
E[0

21



H|O|E] 7|2t S K|S

OH 2}

=1 =1

0= Gk
o o

A
=

=
—

o -

= J0

w K2
m K o
o 10 €
— B0 O
] —a—, L
ITREEEN
Ho_ao_E
o“_o._.mo_._.___”_
mE_ﬁ+o_
||_IO|_
o W =
e o Y
S
o ol
s = I
wm._Oﬁ
m___u_u%
|H_.A
.__ﬂl_.A

M#ﬁ@w
T
J.All_.__._lo_.._
= o M
R0 T =
M
| T
Hgm_l_
Kl J ™
H_m._n_
Ol_o_l_n_m_U
H RO &
I o OF
T W RO

_ on oK — =d
Aﬂm_ﬂwxé o
70 40 B0 yr B

0 =

_A_.AO.,_L
a8 =
gl —; 1o

KJd = O_H_._
10 OO|.A|1
9 Jo o+ o RO
m.u_“_ﬂlr_,A_lﬂh
RO T xT
ol 5z gk
10 L___l__l_/_lu.M
e & 1
ol 200 % of
o3l HU o o
K % o N0 Ho
24 ol T oo ®
o oI E
S o] fd Jo 0
2O ORI g
S I wE H
. T o ®w RO
o o 3 oar .
0 IO 1ol oI § ._H_A
moH_%EOaLOA
HO 2r 30 un oo H
m..l_o_zoA__.m___Lﬂl_
Aol | T B B
Y b O E
s K W03
= ® o r ¥
T MU o T RO ol
S i)~ @ RU K
MQmeoMla____
s> HH IK T ol m

22



of
0

—t

A
o

At oF
oy 3
ﬂ_._._ ._Oﬁ
dlo .Lxm
o
X0 =
= 5
0
gl —
- O
10 _._.___._._
oo =
"r W
H =
0
mm A
< ol
— o
o
- K
o

A
=
Ct 7[Z&2] 2

-

A
e
ot

o
Of

F
23

[ M
—

2
X~

Moz

A

—_—rl
—

A| Zhof| IhefA EgtstE

N
1,

| =22 71 ele] SHOAM |

—

E} O Ct.

@)

i

o

—r

Al = C}.

A

!

= Al

AH|

—

O] =& AH| A0 2Eot=
o

(Adaptive Al) 7| =O|L}.

—
©)

L

o

X
| QIS X

ol
o
)



Future of
Artificial
Intelligence

24



(18 1) =251 o3

25



7}?

S = 3
S

foiuk 0 g’
=i Mm@l &
ohmon  HEWA 5
5136 KO M_._Aluaﬂ_ﬁuu ro
Nii< ArE D o
phr oozl <
BUNS  <F1no<| 03 Gu
RRIH T R0UK
KT =ollHco &
N K ©OomMo .uw.._ ~
o olixl  KOXIRM Kol O

{FOrzomt < Ar~No ol <k

(318 1) s83a1 &3

26




Technology Push
VS Demand Pull

 Solow (1956); 7|=0| ZBX| 20| A

598 22 G

« 1960HLCHRI 70ELHO = 7| & B3t
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* "Nearly 95 percent of all Events were

s motivated by a recognized defense

_ need. Only 0.3 percent came from

(18 1) =231 74 undirected science” (Sherwin and

Isenson, 1967).
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